PLI-Analyzer: A Novel Platform for Quantitative Assessment of Structural and

Biological Accuracy in Al-Predicted Protein-Protein Complexes
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Conclusion

. Current Al models generate structures quickly, but are often
biologically inconsistent, especially for multimeric structures

. PLI-Analyzer offers a scalable approach of validating Al-generated
structures

. Researchers need to be aware of the strengths and weaknesses of
specific Al when interpreting predicted protein-protein complexes

Figures created by student in Python and lllustrator, 2025 [1].
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