Novel Drug Discovery Methodology using Machine Learning:

Gene Expression-Based Virtual Screening Predicts Novel Compounds to Reverse Alzheimer’s Disease with
Applications to Cancer and Longevity by Inhibiting CtBP2 Expression

Background

TNF-a and Microglia in Alzheimer’s Disease
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neurodegeneration and Alzheimer’s Disease.

Problems: Problem 1: how to find candidate drugs? Problem 2: how do phenothiazines work? Problem 3: CtBP2 is too complex, traditional
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phenothiazines were highly effective in reducing TNF-a. ( 98% undruggable targets)

Objective: Using machine learning, screen (predict) for compounds that inhibit CtBP2 gene expression.

Methods

Pharmacogenomic algorithm
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