Harnessing Machine Learning and 3D Spheroid Cultures to Identify
Biomarkers for Combating Drug Resistance in Breast Cancer
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Engineering Goals: 1) Establish a Machine Learning Model with > 85%

accuracy to identify specific treatment options for drug resistance. Breast Can;er

2) Develop an accurate lab testing model to test the efficacy of targets
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| Approaches

Hypothesis: Identification of biomarkers of drug resistance may lead to
new targetable pathways for the treatment and can improve treatment
strategies in patients
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Takeaways and Future Directions

 Accomplished Engineering Goal: ML can predict :
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* Favorite Moment: Seeing 3D models working and targets cancer types design clinical trials

validating new targets
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